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ABSTRACT
This study focuses on resource optimization and organizational innovation within agricultural enterprises op‑

erating under dynamic market conditions. It employs a mixed‑methods research approach to conduct in‑depth
investigations of 41 different types of agricultural enterprises. The research systematically analyzs resource allo‑
cation patterns, organizational innovation practices, and their interaction mechanisms in dynamic market environ‑
ments. The research reveals signiϐicant efϐiciency differences and structural problems in land, human resources,
and capital allocation among traditional agricultural enterprises, with large enterprises demonstrating substan‑
tially higher Data Envelopment Analysis (DEA) efϐiciency values (0.782) compared to small enterprises (0.536),
where low proportions of technical personnel and singular ϐinancing structures constitute the primary factors con‑
straining resource allocation optimization. Modern agricultural enterprises have achieved a transformation from
experience‑driven to data‑driven approaches through technology‑driven organizational changes, with smart agri‑
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culture technology application rates reaching 78.3% and decision‑making efϐiciency improving by 35%. Industrial
integration has created new development opportunities for agricultural enterprises, with agri‑tourism integrated
enterprises generating 42.6%of total revenue from integratedbusiness operations, demonstrating outstanding per‑
formance in service standardization and customer satisfaction by leveraging international hotel management prac‑
tices. The research conclusions provide important theoretical foundations and practical guidance for agricultural
enterprises aiming for sustainable development in dynamic market conditions, offering valuable policy insights for
promoting agricultural modernization and rural revitalization.
Keywords: Dynamic Market Conditions; Agricultural Enterprises; Resource Optimization Allocation; Organiza‑
tional Innovation; Industrial Integration; Technology‑Driven; International Hotel Management

1. Introduction
Under the dual driving forces of global economic

integration and digital transformation, the agricultural
industry is undergoing unprecedented waves of trans‑
formation. Currently, agricultural enterprises face mul‑
tiple dynamic market conditions, including intensiϐied
climate change, diversiϐied consumer demands, adjust‑
ments in international trade policies, and accelerated
technological innovation. These dramatic changes in ex‑
ternal environments require agricultural enterprises to
possess stronger adaptive capabilities and an innovative
spirit, maintaining competitive advantages through opti‑
mizing resource allocation and advancing organizational
innovation. Chen Xuesong (2025) points out that agri‑
cultural enterprises face numerous critical issues in cost
management, which directly affect resource allocation
efϐiciency and market competitiveness [1]. Meanwhile,
Jiang Nan’s (2024) research demonstrates that the inter‑
nationalization of agricultural product standards has sig‑
niϐicantly impacted the diversiϐication of exportmarkets
for agricultural enterprises, further highlighting the ur‑
gency for agricultural enterprises to reallocate resources
and adjust organizational structures in dynamic interna‑
tional market environments [2]. From an international
perspective, Zunzunegui et al. (2025) revealed innova‑
tive approaches to agricultural resource utilization, em‑
phasizing the need for new agricultural resource man‑
agement strategies when addressing abiotic and biotic
stresses [3]. Resource optimization allocation in agricul‑
tural enterprises has become a core issue for achieving
sustainable development, particularly in the integrated
management of critical production factors such as wa‑

ter resources, nitrogen, and carbon. Li et al. (2025) pro‑
posed new pathways for achieving sustainable develop‑
ment goals in agricultural ecosystems through agricul‑
tural resource optimization allocation via research on
water‑nitrogen‑carbon coupling systems, providing im‑
portant theoretical guidance for resource allocation in
agricultural enterprises under dynamic market condi‑
tions [4]. Simultaneously, capital market liberalization
has brought new development opportunities and chal‑
lenges for large agricultural enterprises. Tang Wei and
Huang Xianchi (2023) analyzed the impact of capital
market liberalization on total factor productivity of large
agricultural enterprises from the perspective of medi‑
ating effects of ϐinancing constraints and agency costs,
revealing the important role of ϐinancial resource allo‑
cation in agricultural enterprise development [5]. These
studies indicate that modern agricultural enterprises
must integrate and optimize resources across multiple
dimensions and levels to maintain leading positions
in intense market competition. Organizational inno‑
vation, as an important means for agricultural enter‑
prises to adapt to dynamic markets, is reshaping tradi‑
tional agricultural development models. The deep inte‑
gration of agriculture and tourism provides agricultural
enterprises with entirely new development spaces and
resource allocation choices. Chen et al. (2025) vali‑
dated through empirical analysis of panel data from 30
Chinese provinces that agri‑tourism integration can ef‑
fectively promote agricultural green development, with
this cross‑sector integration organizational innovation
model opening new value creation pathways for agricul‑
tural enterprises [6]. At the marketing level, Liu Xuan‑
fang’s (2023) analysis of the current development sta‑
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tus of marketing in Chinese agricultural enterprises in‑
dicates that innovative marketing approaches have be‑
come inevitable choices for agricultural enterprises re‑
sponding to market changes, requiring systematic trans‑
formations in organizational structure, operational pro‑
cesses, and management models [7]. This organizational
innovation is reϐlected not only in technological applica‑
tions andbusinessmodel updates but, more importantly,
requires building dynamic organizational capabilities
that can rapidly respond to market changes. Based on
the above background analysis, this study aims to deeply
explore how agricultural enterprises enhance competi‑
tive advantages and sustainable development capabili‑
ties through resource optimization, allocation, and orga‑
nizational innovation under dynamic market conditions.
The researchwill systematically examine inϐluencing fac‑
tors andmechanisms of agricultural enterprise resource
allocation from both theoretical construction and empir‑
ical analysis perspectives, identify organizational inno‑
vation models suitable for different types of agricultural
enterprises, and explore innovative development path‑
ways for agricultural enterprises in agri‑tourism inte‑
gration contexts by incorporating advanced experiences
from international hotel management.

Although existing literature provides important in‑
sights into agricultural enterprise resource allocation
and organizational innovation, three key research gaps
remain to be ϐilled. First, existing studies mostly explore
resource allocation or organizational innovation from
a single dimension, lacking systematic analysis of the
interaction mechanisms between the two, particularly
the deep‑level mechanisms of how they mutually pro‑
mote and co‑evolve under dynamic market conditions,
which remain unclear. Second, while industrial integra‑
tion has become a trend in agricultural development,
the applicability, transplantation mechanisms, and lo‑
calization pathways of cross‑industry management ex‑
perience (such as international hotel management mod‑
els) in agricultural enterprises lack empirical veriϐica‑
tion and theoretical interpretation. Third, existing re‑
search mostly focuses on large agricultural enterprises
or single enterprise types, lacking a comparative anal‑
ysis of differentiated resource allocation patterns and
their causes among agricultural enterprises of differ‑

ent scales and development stages. Based on this, this
study constructs an “Environment‑Strategy‑Structure‑
Performance” analytical framework, employs in‑depth
case studies of 41 different types of agricultural enter‑
prises, systematically analyzes the interaction mecha‑
nisms between resource optimization allocation and or‑
ganizational innovation in agricultural enterprises un‑
der dynamic market conditions, veriϐies the transplan‑
tation effects of cross‑industry management experience,
and identiϐies differentiated development models suit‑
able for different types of agricultural enterprises, in or‑
der to ϐill the above theoretical gaps and provide precise
guidance for practice.

Through multi‑case studies and cross‑industry
comparative analysis, this research aims to provide prac‑
tical decision‑making insights for agricultural enterprise
managers, theoretical support for policy‑making depart‑
ments, while enriching theoretical systems in agricul‑
tural economics and organizational management. The
research outcomes will contribute to promoting the
transformation and upgrading of China’s agricultural
industry toward modernization, intelligentization, and
sustainability, contributing academic strength to con‑
structing a modern agricultural industry system under
the new development paradigm.

2. Literature Review
The theoretical framework of this study is built

upon three mutually reinforcing theoretical traditions.
First, the Resource‑Based View (RBV) provides core the‑
oretical support for understanding the heterogeneity of
resource allocation efϐiciency in agricultural enterprises.
The VRIN framework (Valuable, Rare, Inimitable, Non‑
substitutable) proposed by Barney (1991) reveals that
the fundamental reason for performance differences be‑
tween enterprises lies in the heterogeneous resource
bundles they own and control. In the context of agricul‑
tural enterprises, land use rights, technical talent, and
brand assets constitute the key resources of enterprises,
and their allocation efϐiciency directly determines the
competitive advantage of enterprises. Second, Dynamic
Capabilities Theory provides a theoretical basis for ex‑
plaining the role of organizational innovation in agricul‑
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tural enterprises’ adaptation to dynamic markets. Teece
et al. (1997) deϐine dynamic capabilities as the ϐirm’s
ability to sense opportunities, seize opportunities, and
reconϐigure resource bases, which preciselymatches the
practical logic of agricultural enterprises conducting or‑
ganizational innovation through technology‑driven and
industrial integration approaches when facing market
ϐluctuations. Third, Institutional Theory provides an
analytical perspective for understanding the impact of
the policy environment on agricultural enterprise re‑
source allocation. North (1990) emphasizes that the
institutional environment inϐluences economic behav‑
ior by reducing transaction costs and providing incen‑
tive structures. In China’s agricultural modernization
process, institutional arrangements such as land titling,
agricultural ϐinancial support, and technology assistance
profoundly affect agricultural enterprises’ resource ac‑
quisition capabilities and allocation choices. Based on
the integration of these three theoretical traditions, the
“Environment‑Strategy‑Structure‑Performance” analyti‑
cal framework constructed in this study can systemat‑
ically explain the internal logic and mechanisms of re‑
source optimization allocation and organizational inno‑
vation in agricultural enterprises under dynamicmarket
conditions.

The theoretical foundation of enterprise resource
allocation can be traced back to Porter’s (1985) competi‑
tive advantage theory, whose value chain analysis frame‑
work laid the foundation for understanding how agricul‑
tural enterprises gain competitive advantage through re‑
source reallocation. However, Porter’s static framework
cannot adequately explain resource adjustment mecha‑
nisms under dynamic market conditions, which is pre‑
cisely the gap this study aims to ϐill. Timmer’s (2009)
agricultural transformation theory emphasizes the im‑
portance of the institutional environment for agricul‑
tural development, but its macro perspective overlooks
micro‑level mechanisms at the enterprise level. Boyd &
Ellison’s (2007) research on social networks in organi‑
zations reveals the impact of network relationships on
resource acquisition, providing theoretical support for
cooperative networking development in this study, but
their research lacks consideration of the speciϐicity of
the agricultural industry. The classic research by Ander‑

son et al. (1995) on the impact of policy distortions on
agricultural trade,while identifying the importance of in‑
stitutional factors, fails to explore in depth how enter‑
prises respond to policy environment changes through
organizational innovation, which is precisely the prob‑
lem this study aims to solve through empirical analysis.

Research on ϐinancial management and resource
allocation theory in agricultural enterprises under dy‑
namic market conditions presents a diversiϐied develop‑
ment trend. Han Jing (2023) explored the important
role of ϐinancial resource optimization allocation in en‑
hancing enterprise competitiveness from the perspec‑
tive of agricultural enterprise ϐinancial management in‑
novation under market economy conditions, emphasiz‑
ing the critical value of ϐinancial management innova‑
tion in addressing market uncertainties [8]. This view‑
point strongly resonates with He et al.’s (2025) micro‑
empirical research on the impact of digital inclusive ϐi‑
nance on agricultural resource allocation, which con‑
ϐirmed, based on data from China’s rural areas, that ϐin‑
tech innovation can signiϐicantly improve agricultural re‑
source allocation efϐiciency [9]. Meanwhile, Wu Xinyu et
al. (2022) conducted an in‑depth analysis of the transfor‑
mation mechanism in agricultural carbon ϐinance mar‑
kets from an enterprise behavior perspective, reveal‑
ing how agricultural enterprises optimize resource allo‑
cation structures through carbon ϐinancial instruments
under the drive of carbon neutrality goals [10]. In agri‑
cultural water resource management, Qi et al.’s (2025)
research indicates that the supply‑demand balance of
agricultural water resources under future saline‑alkali
land improvement will become an important considera‑
tion for resource allocation, providing new perspectives
for agricultural enterprises’ strategic planning in water‑
scarce environments [11]. These studies collectively con‑
struct a theoretical framework for multi‑dimensional re‑
source allocation in agricultural enterprises within dy‑
namic market environments, emphasizing the compre‑
hensive impact of ϐinancial innovation, environmental
constraints, and technological progress on resource al‑
location efϐiciency.

Research literature on agricultural enterprise man‑
agement innovation and marketing strategies presents
an evolutionary trajectory from traditionalmanagement
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toward digital transformation. Yu Jianping (2022) sys‑
tematically reviewed the development pathways of agri‑
cultural enterprise management and marketing innova‑
tion in the new era, emphasizing the important signiϐi‑
cance of management model innovation for enterprises’
adaptation to market changes [12]. This viewpoint was
further supported by Zhang Xin’s (2021) analysis of agri‑
cultural enterprise management innovation strategies
under new circumstances, which explored implementa‑
tion pathways for management innovation from multi‑
ple dimensions, includingorganizational structure, oper‑
ational processes, and decision‑making mechanisms [13].
At the cost management level, Li Ling (2021) conducted
an in‑depth analysis of key issues in agricultural en‑
terprise cost management, proposing cost optimization
strategies basedonvalue chain analysis [14]. SuGuanfeng
and Zhang Guobao (2021) studied the innovation mech‑
anism of agricultural enterprise e‑commerce develop‑
ment models from a value chain perspective, providing
theoretical guidance for traditional agricultural enter‑
prises’ digital transformation [15]. Zhang Jingru (2020)
further explored new models of agricultural enterprise
operational management under the “Internet+” back‑
ground, emphasizing the role of digital technology in im‑
proving operational efϐiciency and market responsive‑
ness [16]. Zhang Yuhang (2020) analyzed the driving ef‑
fect of digital marketing tools on agricultural product
market expansion from the perspective of agricultural
enterprisemarketing strategies under the new economy
background [17]. These studies indicate that digital trans‑
formation has become the main direction of agricultural
enterprise management innovation, providing new solu‑
tions for enterprises tomaintain competitive advantages
in dynamic markets.

Related research on agricultural enterprise risk
management and international development reveals the
challenges and opportunities enterprises face in the con‑
text of globalization. Hao Ruijun (2021) [18] and Li Yin
(2019) [19] respectively conducted in‑depth analyses of
risks and countermeasures for agricultural enterprise fu‑
tures market hedging from different periods, emphasiz‑
ing the important role of ϐinancial derivatives in agricul‑
tural enterprise risk management. These studies pro‑
vided practical guidance for agricultural enterprises to

conduct risk control in dynamic markets with severe
price ϐluctuations. In international development, Jiang
Tao (2019) systematically analyzed problems and coun‑
termeasures faced by Chinese agricultural enterprises in
developing international markets, pointing out the im‑
pact of key factors such as technical standards, brand
building, and channel expansion on international com‑
petitiveness [20]. Jiang Yongzhou (2020) explored new
pathways for agricultural market expansion from the
background of domestic circulation economic strategy,
emphasizing the important supporting role of domes‑
tic demand markets for agricultural enterprise develop‑
ment [21]. Nichole et al. (2019) revealed structural chal‑
lenges faced by developing country agricultural enter‑
prises in internationalmarket participation through gen‑
der political economyanalysis of agricultural production
and market access in the Solomon Islands [22]. Chan‑
dra and Diehl (2019) analyzed the role of urban agri‑
culture in food security and development policy using
Jakarta urban agriculture as an example, providing in‑
sights for agricultural enterprises to ϐind new develop‑
ment spaces in urbanization processes [23]. These in‑
ternational research perspectives enrich the theoretical
choices for agricultural enterprises’ strategies in global
dynamic markets.

Research on the application of emerging technolo‑
gies in agricultural resource management represents
an important development direction at the current aca‑
demic frontier. Yan et al. (2025) proposed a hybrid
approach to apply advanced named entity recognition
technology for AI‑driven water resource and agricul‑
tural resource management, demonstrating the enor‑
mous potential of artiϐicial intelligence technology in
precision agricultural resourcemanagement [24]. Dixit et
al. (2025) assessed shifting cultivation and soil dynam‑
ics in Mizoram state by integrating drone and geospatial
technologies, providing a technical framework for sus‑
tainable agricultural resource management [25]. These
technological innovation studies indicate that remote
sensing technology, artiϐicial intelligence, and big data
analysis are reshaping the theory and practice of agricul‑
tural resourcemanagement. In supply chain sustainabil‑
ity, Mu et al. (2025) studied sustainable supply chains
with social bads and intermediate outputs using Chi‑
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nese agricultural cities as examples, providing a new an‑
alytical framework for agricultural enterprises’ supply
chain optimization under social responsibility and en‑
vironmental protection constraints [26]. Sun Xue (2025)
analyzed the promoting effect of land factor marketiza‑
tion on agricultural resource allocation efϐiciency from
the perspective of land transfer market development’s
impact on land resource management [27]. These stud‑
ies collectively construct a newparadigm for technology‑
driven agricultural resource management, emphasizing
the core position of digitalization, intelligence, and sus‑
tainability in modern agricultural development, provid‑
ing important theoretical foundations andpractical guid‑
ance for agricultural enterprises to conduct organiza‑
tional innovation and resource reallocation in the wave
of technological transformation.

3. Research Methods

3.1. Research Design

This study adopts an empirical investigation re‑
search design, combining a mixed research strategy of
multiple case study methods and a cross‑sectional sur‑
vey method. Data collection covers the period from
2020 to 2025, using the Ministry of Agriculture and
Rural Affairs’ Directory of Key Leading Enterprises in
Agricultural Industrialization, provincial directories of
demonstration farmer professional cooperatives, and
the Ministry of Agriculture and Rural Affairs’ Directory
of Demonstration Enterprises in Leisure Agriculture and
Rural Tourism as the basic databases, employing a com‑
bination of purposive sampling and maximum variation
sampling methods to select sample enterprises. Speciϐic
selection criteria include: (1) enterprises established for
more than 3 years with good operating conditions; (2)
annual operating revenue of more than 10 million yuan;
(3) obvious practices in resource allocation optimization
or organizational innovation; (4) willingness to accept
in‑depth interviews and provide relevant data. Finally,
a total of 41 research subjects were determined, includ‑
ing 15 traditional agricultural enterprises, 12 modern
agricultural enterprises, 10 agritourism integration en‑
terprises, and 14 cooperative organizations.

This study employs a mixed‑methods research ap‑

proach, combining qualitative and quantitative analy‑
sis paradigms to systematically explore the issues of re‑
source optimization allocation and organizational inno‑
vation in agricultural enterprises under dynamicmarket
conditions. The research design is based on construc‑
tivist epistemology and pragmatic methodology, aim‑
ing to enhance the credibility and validity of research
results through triangulation of multiple data sources
and analytical methods. Speciϐically, this study will
adopt a multiple case study method as the primary re‑
search strategy, selecting agricultural enterprises of dif‑
ferent types, scales, and development stages as research
subjects, including traditional agricultural enterprises,
agri‑tourism integrated enterprises, and modern agri‑
cultural technology enterprises, to ensure the represen‑
tativeness and diversity of cases. Meanwhile, the re‑
search will draw upon successful experiences from the
international hotel management industry, identifying
best practices for agricultural enterprise organizational
innovation through cross‑industry comparative analy‑
sis [28]. The research design follows a logical framework
from theory to practice, from macro to micro, and from
static to dynamic, ϐirst constructing theoretical models
through literature research, then validating theoretical
hypotheses through empirical investigation, and ϐinally
exploring practical applications in depth through case
analysis.

The logical framework of the research re‑
volves around the “Environment‑Strategy‑Structure‑
Performance” analytical pathway, treating dynamic mar‑
ket conditions as external environmental variables, re‑
source optimization and organizational innovation as
enterprise strategic responses, organizational structure
adjustments as implementation mechanisms, and en‑
terprise performance improvement as the ultimate ob‑
jective. To ensure the scientiϐic rigor of the research,
this study will adopt an embedded multiple case study
design, selecting multiple analytical units within each
major case enterprise for in‑depth investigation, in‑
cluding information sources from different perspectives
such as senior management, middle management, front‑
line employees, and relevant stakeholders [29]. The re‑
search timeframe is set for 2020–2025 to fully capture
the dynamic market changes faced by agricultural en‑
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terprises in the post‑pandemic era and their response
strategies. Furthermore, the research will establish a
dynamic tracking mechanism, conducting longitudinal
observations of key case enterprises at multiple time
points to reveal the evolutionary processes of resource
allocation optimization and organizational innovation.
Data collection will employ a parallel strategy of multi‑
ple methods, including in‑depth interviews, participant
observation, document analysis, and questionnaire sur‑
veys, ensuring comprehensive information collection
from different perspectives and laying a solid empirical
foundation for subsequent theoretical construction and
practical guidance.

3.2. Data Collection Methods

This study employs a diversiϐied data collection
strategy to ensure comprehensive, accurate, and reli‑
able research data. First, the in‑depth interviewmethod
will serve as the primary ϐirst‑hand data collection ap‑
proach, conducting semi‑structured interviews with se‑
lected senior executives, middle management person‑
nel, technical experts from agricultural enterprises, and
responsible ofϐicials from relevant government depart‑
ments. Each interview will be limited to 60‑90 min‑
utes, with content focusing on core issues such as en‑
terprise resource allocation decision‑making processes,
organizational innovation practices, market adaptation
strategies, and major challenges faced. Meanwhile, to
obtain more objective and authentic information, the re‑
search will employ the participant observation method,
immersing in the daily operational activities of case en‑
terprises to observe the actual implementation of re‑
source allocation and speciϐic manifestations of organi‑
zational innovation. Additionally, the questionnaire sur‑
vey method will be used to collect large‑sample quanti‑
tative data. The questionnaire design will be based on
existing mature scales and undergo localized improve‑
ments, considering the speciϐicity of agricultural enter‑
prises. Survey subjects will include stakeholders such
as agricultural enterprise employees, partners, and cus‑
tomers to obtainmulti‑dimensional evaluations of enter‑
prise resource allocation efϐiciency and organizational
innovation effectiveness.

To supplement and verify the accuracy of ϐirst‑

hand data, this study will also systematically collect sec‑
ondary data materials. Document analysis method will
be used to collect and analyze internal enterprise docu‑
ments, including annual reports, strategic planning doc‑
uments, organizational charts, ϐinancial statements, and
internal management systems, to understand the his‑
torical evolution of enterprise resource allocation and
the institutionalization degree of organizational inno‑
vation. Simultaneously, the research will collect rele‑
vant industry reports, policy documents, statistical year‑
books, news reports, and other external secondarymate‑
rials to construct the macro‑environmental background
in which enterprises operate. Particularly, considering
the trend of integrated development between agricul‑
tural enterprises and the hotel management industry,
the research will collect annual reports, case study re‑
ports, and related academic literature from internation‑
ally renowned hotelmanagement groups to extractman‑
agement experiences and innovation models that agri‑
cultural enterprises can learn from [30]. All data col‑
lection processes will strictly adhere to academic ethi‑
cal standards, conducting recording and documentation
with informed consent from interviewees, and commit‑
ting to anonymize all data to protect interviewee pri‑
vacy. The timeline for data collectionwill be divided into
three phases: the ϐirst phasewill conduct preliminary re‑
search and pilot interviews, the second phase will carry
out large‑scale data collection work, and the third phase
will conduct supplementary research and data veriϐica‑
tion to ensure data completeness and reliability.

3.3. Case Selection Criteria

This study employs a purposive sampling method,
based on the principle of combining theoretical sam‑
pling and maximum variation sampling to select re‑
search cases, ensuring the representativeness, typicality,
and theoretical contribution value of the cases. First, re‑
garding agricultural enterprise case selection, this study
establishes ϐive core criteria: (1) Enterprise scale crite‑
rion, selecting agricultural enterprises of large, medium,
and small scales, where large enterprises have annual
revenues exceeding 500 million yuan, medium enter‑
prises have annual revenues between 100‑500 million
yuan, and small enterprises have annual revenues be‑
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tween 10‑100 million yuan; (2) Development stage cri‑
terion, covering enterprises at different development
stages including startup, growth, maturity, and transfor‑
mation periods to reϐlect the characteristics of resource
allocation at different enterprise lifecycle stages [31]; (3)
Business model criterion, including traditional plant‑
ing and breeding enterprises, agricultural product pro‑
cessing enterprises, agricultural technology enterprises,
agri‑tourism integrated enterprises, and other differ‑
ent business models; (4) Geographic distribution cri‑
terion, selecting representative enterprises from east‑
ern coastal developed regions, centralmajor agricultural
production areas, and western ecologically fragile areas
to reϐlect the impact of regional development differences
on enterprise resource allocation; (5) Innovation prac‑
tice criterion, prioritizing enterprises with outstanding
performance or typical practices in resource allocation
optimization and organizational innovation [32]. Mean‑
while, considering the forward‑looking and practical na‑
ture of the research, case enterprises must have expe‑
rienced signiϐicant market environment changes after
2020 and implemented clear resource reallocation or or‑
ganizational innovation measures in their response pro‑
cesses.

In the selection of agri‑tourism integration and
hotel management‑related cases, this study establishes
specialized screening criteria to reϐlect the characteris‑
tics of cross‑industry integration. Speciϐic criteria in‑
clude: (1) Integration degree criterion, selecting enter‑
prises with deep integration of agriculture, tourism, and
hotel industries, requiring agri‑tourism revenue to ac‑
count for no less than 30%of total revenue, or having es‑
tablished strategic cooperation relationships with well‑
known hotel management groups; (2) Service standard‑
ization degree, prioritizing agricultural enterprises that
have learned from international hotel management ex‑
perience and achieved standardized operations in ser‑
vice processes, quality control, customer relationship
management, and other aspects; (3) Brand inϐluence
criterion, selecting enterprises with certain recognition
and market inϐluence in the agri‑tourism integration
ϐield, or enterprises that have received relevant indus‑
try awards and certiϐications [33]; (4) Innovation demon‑
stration value, focusing on enterprises with innovative

practices in areas such as the integration of agricultural
production andhotel services, restaurant applications of
agricultural products, and agricultural culture‑themed
hotels. Furthermore, to enhance the international per‑
spective of the research, this study will also select 1–2
agricultural enterprises with international cooperation
backgrounds or international agricultural enterprises in‑
vested in China as comparative cases. Final case se‑
lection will undergo multiple veriϐication procedures,
including expert consultation, ϐield research, and data
availability assessment, to ensure that each case can pro‑
vide rich information and unique theoretical contribu‑
tions to the research questions, with the total number
of cases controlled at 8–12 to ensure a balance between
research depth and breadth.

3.4. Data Analysis Methods

This study employs a mixed analysis strategy com‑
bining qualitative and quantitative analysis to compre‑
hensively and thoroughly analyze the mechanisms of re‑
source optimization allocation and organizational inno‑
vation in agricultural enterprises under dynamic mar‑
ket conditions. In terms of qualitative data analysis,
this studywill apply grounded theory coding procedures
to systematically analyze interview materials, including
three levels of open coding, axial coding, and selective
coding, through gradual abstraction and conceptualiza‑
tion to identify key factors affecting agricultural enter‑
prise resource allocation and organizational innovation
and their interrelationships. Meanwhile, content analy‑
sis will be employed to conduct thematic analysis and
frequency statistics on textual materials such as enter‑
prise documents, policy ϐiles, and industry reports, us‑
ing NVivo software for coding management and pattern
recognition to reveal the internal logic of agricultural
enterprise resource allocation decisions and the evolu‑
tionary patterns of organizational innovation [34]. Fur‑
thermore, comparative case analysis will be used to con‑
duct comparative studies of practices among different
types of agricultural enterprises, constructing theoret‑
ical models by identifying common characteristics and
differentiated performances, with particular attention
to similarities and differences between traditional agri‑
cultural enterprises and agri‑tourism integrated enter‑
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prises in resource allocation strategies and organiza‑
tional innovation models. To ensure the credibility of
analysis results, the research will employ triangulation
methods, improving the reliability of research conclu‑
sions through data source triangulation, method trian‑
gulation, and researcher triangulation.

At the quantitative data analysis level, this study
will employ various statistical analysis methods to ver‑
ify theoretical hypotheses and quantitatively analyze re‑
lationships between variables. First, descriptive statis‑
tical analysis will be adopted to comprehensively de‑
scribe the basic characteristics, resource allocation sta‑
tus, and organizational innovation levels of sample en‑
terprises, using SPSS software for frequency analysis,
mean comparison, and correlation analysis. Second,
structural equation modeling (SEM) will be used to ex‑
amine causal relationships among dynamic market con‑
ditions, resource allocation optimization, organizational
innovation, and enterprise performance, revealing di‑
rect and indirect effects of variables through path analy‑
sis, and using AMOS software formodel ϐit testing. Mean‑
while, considering the heterogeneous characteristics of
agricultural enterprises, the researchwill employ hierar‑
chical linear modeling (HLM) to control for enterprise‑
level and environmental‑level variable inϐluences, more
accurately estimating the effects of various factors on re‑
source allocation efϐiciency. Additionally, panel data re‑
gression analysis methods will be used to track and an‑
alyze enterprises’ dynamic change processes, identify‑
ing temporal trends and cyclical characteristics [35]. To
address endogeneity issues and enhance the credibil‑
ity of causal inference, the research will employ quasi‑
experimental design methods such as instrumental vari‑
ables and difference‑in‑difference methods. All quanti‑
tative analyses will undergo robustness testing, includ‑
ing heteroscedasticity testing, multicollinearity diagno‑
sis, and model speciϐication testing, ensuring the statis‑
tical validity and theoretical signiϐicance of analysis re‑
sults.

Data analysis adopts a three‑stage mixed analy‑
sis strategy. The ϐirst stage employs NVivo 12 soft‑
ware to conduct three‑level coding analysis of inter‑
view transcription texts: open coding to identify ini‑
tial concepts (such as ‘technology application’ and ‘man‑

agement innovation’), axial coding to construct categor‑
ical relationships (such as ‘technology‑driven → orga‑
nizational change → efϐiciency improvement’), and se‑
lective coding to form the core theoretical framework.
The second stage uses SPSS 26.0 for quantitative anal‑
ysis, including descriptive statistics, correlation analy‑
sis, variance analysis, and regression analysis, and em‑
ploys the DEA‑Malmquist index to measure resource al‑
location efϐiciency. The third stage uses AMOS 24.0
to construct structural equation models to verify theo‑
retical hypotheses, test mediation effects through the
Bootstrap method, and employ multi‑group analysis to
test path differences among different enterprise types.
All quantitative analyses undergo robustness testing, in‑
cluding heteroscedasticity testing, multicollinearity di‑
agnosis, and endogeneity testing.

4. Results Analysis
Based on the Resource‑Based View (RBV) theory,

we hypothesize that enterprise scale positively inϐlu‑
ences land resource allocation efϐiciency through two
mediating variables: technological investment capacity
and management efϐiciency. Speciϐically, large‑scale en‑
terprises possess more VRIN resources (Valuable, Rare,
Inimitable, and Non‑substitutable), enabling them to un‑
dertake larger‑scale technological investments and im‑
plement specialized management practices, thereby en‑
hancing land utilization efϐiciency. Drawing from institu‑
tional theory, we further hypothesize that the external
institutional environment (including land transfer poli‑
cies and ϐinancial support policies) positivelymoderates
the relationship between enterprise scale and resource
allocation efϐiciency by reducing transaction costs and
providing incentive structures.

4.1. Analysis of Resource Allocation Pat‑
terns in Traditional Agricultural Enter‑
prises

4.1.1. Land Resource Allocation Efϐiciency
Assessment

This study constructs a three‑dimensional frame‑
work for resource allocation efϐiciency analysis: (1)
Resource type dimension: land resources, human re‑
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sources, capital resources; (2) Allocation mechanism di‑
mension: market allocation, administrative allocation,
mixed allocation; (3) Enterprise characteristic dimen‑
sion: scale (large ≥1000 mu, medium 200–1000 mu,
small<200mu), region (eastern, central, western), busi‑
ness model (planting, breeding, processing). Through
DEA model calculation of interactive effects across di‑
mensions, the study ϐinds that resource allocation efϐi‑
ciency presents signiϐicant “scale‑region‑model” triple
differentiation characteristics.

Through in‑depth investigation anddata analysis of
15 traditional agricultural enterprises, this study found
signiϐicant efϐiciency differences and structural prob‑
lems in land resource allocation among traditional agri‑
cultural enterprises. The calculation results based on
theDEA (Data Envelopment Analysis)method show that
the average land resource allocation efϐiciency of sam‑
ple enterprises is 0.672, indicating that there is approx‑
imately 32.8% room for improvement overall. From the
perspective of different operational scales, large agricul‑
tural enterprises (operating areas above 1000 mu) have
the highest land allocation efϐiciency at 0.782, mainly
beneϐiting from economies of scale andmodernmanage‑
ment levels; medium‑sized enterprises (200–1000 mu)
have an efϐiciency value of 0.698, at a moderate level;
while small enterprises (below 200 mu) have the low‑
est efϐiciency at only 0.536, mainly due to factors such
as fragmented land use and insufϐicient technological in‑
vestment. See Table 1 below.

From a regional distribution perspective, the land
allocation efϐiciency of traditional agricultural enter‑
prises in eastern regions is signiϐicantly higher than that
in central and western regions, at 0.731, 0.642, and
0.603, respectively, which is closely related to the eco‑
nomic development level, infrastructure construction,
and technical extension services in each region. Sur‑
vey data indicate that the land transfer rate is positively

correlated with allocation efϐiciency, with enterprises
having transfer rates exceeding 60% achieving an aver‑
age efϐiciency of 0.742, while enterprises with transfer
rates below 30% achieve only 0.584 efϐiciency. Addition‑
ally, factors such as mechanization level, irrigation facil‑
ity completeness, and soil fertility also have important
impacts on land allocation efϐiciency [36]. Over the past
three years, with the completion of land titling work and
the deepening of rural land system reform, the land allo‑
cation efϐiciency of sample enterprises has shown a year‑
over‑year upward trend, with an average annual growth
rate of approximately 4.2%, but efϐiciency gaps between
different types of enterprises remain signiϐicant.

The research further found that the improvement
of land resource allocation efϐiciency is mainly con‑
strained by several key factors: First, the standardiza‑
tion level of land management rights transfer is not
high,with some regions still experiencingproblems such
as non‑standard transfer contracts and shorter terms,
affecting enterprises’ enthusiasm for long‑term invest‑
ment; Second, agricultural infrastructure construction
lags behind, particularly in central and western regions,
where problems such as aging irrigation facilities and
poor ϐield roads seriously constrain the effective utiliza‑
tion of land; Third, the agricultural technology extension
service system is imperfect, with small agricultural en‑
terprises generally lacking professional technical guid‑
ance and modern production tools. Through compara‑
tive analysis, it was found that enterprises actively par‑
ticipating in land consolidation projects, promoting stan‑
dardized production, and establishing integrated pro‑
duction and marketing business models perform more
prominently in land allocation efϐiciency, as shown in
Figure 1 below. These ϐindings provide important em‑
pirical evidence and improvement directions for tradi‑
tional agricultural enterprises to optimize land resource
allocation and improve operational efϐiciency.

Table 1. Statistics of Land Resource Allocation Efϐiciency in Traditional Agricultural Enterprises.

Enterprise Scale
Classiϐication

Sample
Size

Average
Operating
Area (mu)

DEA
Efϐiciency
Value

Land
Transfer
Rate (%)

Mechanization
Level (%)

Annual Output
Value (10,000
yuan/mu)

Large Enterprises 4 1580 0.782 78.5 85.2 2.45
Medium Enterprises 6 520 0.698 52.3 68.7 1.89
Small Enterprises 5 125 0.536 28.6 42.1 1.23
Overall Average 15 675 0.672 55.8 65.3 1.86
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Figure 1. Land Resource Allocation Efϐiciency by Enterprise Scale.

4.1.2. Human Resource Allocation Strategy
Research

Through an in‑depth investigation of human re‑
source allocation conditions in 15 traditional agricultural
enterprises, this study found that traditional agricultural
enterprises exhibit distinct structural characteristics and
allocation differences in human resource management.
Survey data show that the average total number of em‑
ployees in sample enterprises is 127, with technical per‑
sonnel accounting for only 18.3%, management person‑
nel accounting for 12.7%, and frontline production per‑
sonnel accounting for as high as 69%. This “invertedpyra‑
mid” human resource structure reϐlects a signiϐicant gap
between traditional agricultural enterprises’ demand for
high‑skilled talents and actual allocation. From an age
structure perspective, employees under 35 years old ac‑
count for an average of 31.2%, employees aged 35–50
account for 46.8%, and employees over 50 account for
22%, indicating a prominent aging problem in human
resources. Particularly noteworthy is that in terms of
seasonal employment strategies that draw from interna‑
tional hotelmanagement experience, only 26.7%of enter‑
prises have established relatively complete seasonal hu‑
man resource allocation mechanisms, with most enter‑

prises still relying on temporary recruitment and family
labor supplementation during busy farming seasons, as
shown in Table 2 below.

Froman educational background analysis, the over‑
all educational level of employees in traditional agricul‑
tural enterprises is relatively low, with employees hold‑
ing bachelor’s degrees or above accounting for an av‑
erage of only 14.6%, junior college graduates account‑
ing for 23.4%, and employees with high school educa‑
tion or below accounting for as high as 62%. This ed‑
ucational structure seriously constrains the process of
technological innovation and management upgrading in
enterprises [37]. In terms of training investment, sample
enterprises have an average annual per capita training
investment of 1247 yuan, far below the average levels
in manufacturing and service industries. Large agricul‑
tural enterprises perform relatively better in human re‑
source allocation, with technical personnel accounting
for 24.8% and annual per capita training investment of
2156 yuan; while small enterprises have technical per‑
sonnel accounting for only 11.2% and annual per capita
training investment of only 684 yuan. From a regional
distribution perspective, the quality of human resource
allocation in agricultural enterprises in eastern regions
is signiϐicantly better than that in central and western
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regions, mainly reϐlected in higher proportions of highly
educated employees, more complete training systems,
and more competitive compensation packages.

The research found that traditional agricultural en‑
terprises have the following prominent problems in hu‑
man resource allocation strategies: ϐirst, recruitment
channels are limited,mainly relying on acquaintance rec‑
ommendations and local recruitment, lacking system‑
atic talent introductionmechanisms; second, compensa‑
tion systems are inadequate, lacking effective incentive
mechanisms, leading to high talent turnover rates, with
the average employee turnover rate of sample enter‑
prises reaching 13.3%; third, career development path‑
ways are unclear, particularly with limited promotion
opportunities for technical personnel and management
staff. It is noteworthy that some agricultural enterprises
that actively draw from international hotel management

experience perform better in human resource alloca‑
tion, such as establishing standardized service process
training systems, implementing performance evaluation
and compensation linkage mechanisms, and promot‑
ing multi‑skilled employee development programs [38].
These enterprises not only show signiϐicant improve‑
ments in employee satisfaction and work efϐiciency, but
also achieve good results in responding to seasonal em‑
ployment needs and improving service quality standard‑
ization, as shown in Figure 2 below. Through compar‑
ative analysis, it was found that enterprises that value
human resource investment, establish comprehensive
training systems, and implement differentiated compen‑
sation strategies perform more steadily in market com‑
petition, providing important practical references for
traditional agricultural enterprises to optimize human
resource allocation.

Table 2. Statistics of Human Resource Allocation Structure in Traditional Agricultural Enterprises.

Enterprise Scale
Classiϐication

Total
Employees
(Persons)

Technical
Personnel
Ratio (%)

Management
Personnel
Ratio (%)

Bachelor’s Degree or
Above Ratio (%)

Annual Per Capita
Training

Investment (Yuan)

Employee
Turnover
Rate (%)

Large Enterprises 286 24.8 16.2 22.3 2,156 8.7
Medium Enterprises 142 18.9 12.8 14.6 1,389 12.4
Small Enterprises 53 11.2 8.1 7.9 684 18.9
Overall Average 127 18.3 12.7 14.6 1,247 13.3

Figure 2. Human Resource Allocation by Enterprise Scale.
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4.1.3. Capital Resource Optimization Allo‑
cation Paths

Through in‑depth analysis of capital structure and
investment allocation in 15 traditional agricultural en‑
terprises, this study found that agricultural enterprises
exhibit distinct structural characteristics and optimiza‑
tion potential in capital resource allocation. Survey data
show that the average total assets of sample enterprises
is 243 million yuan, with ϐixed assets accounting for
52.7%, current assets accounting for 34.8%, and intan‑
gible assets accounting for only 12.5%. This asset struc‑
ture reϐlects the heavy asset operation characteristics
of traditional agricultural enterprises. From a ϐinancing
structure perspective, bank loans remain the primary ex‑
ternal ϐinancing channel, accounting for 67.3% of exter‑
nal ϐinancing, while direct ϐinancing methods such as eq‑
uity ϐinancing and bond ϐinancing account for relatively
low proportions at 18.6% and 14.1% respectively. Par‑
ticularly noteworthy is that in the application of ϐinan‑
cial innovation products, only 33.3% of enterprises have
used risk management tools such as agricultural insur‑
ance and futures hedging, while the proportion of en‑
terprises utilizing new ϐinancial services such as supply
chain ϐinance and ϐinancial leasing is less than 20%, as
shown in Table 3 below. This relatively singular ϐinanc‑
ing structure limits enterprises’ capital allocation ϐlexi‑
bility during market ϐluctuations [39].

From an investment allocation structure analysis,
traditional agricultural enterprises’ capital allocation
shows obvious bias trends. Equipment investment ac‑
counts for an average of 45.2% of total investment,
mainly concentrated in traditional production tools such
as agricultural machinery and processing equipment;
land investment accounts for 28.7%, including land
transfer fees and infrastructure construction; technol‑
ogy R&D investment accounts for only 8.3%, far below
the average levels of manufacturing and high‑tech ser‑
vice industries; marketing and promotion investment ac‑
counts for 10.1%; and human resource development in‑
vestment accounts for 7.7%. This investment structure
reϐlects that traditional agricultural enterprises place far
greater emphasis on hardware facilities than on soft‑
ware capacity building. From an enterprise scale per‑
spective, large agricultural enterprises have relatively

higher investment proportions in technology R&D and
brand building, reaching 12.6% and 13.8% respectively;
while small enterprises have technology R&D invest‑
ment accounting for only 4.1%, and brand building in‑
vestment isminimal at only 2.3%of total investment. Re‑
garding regional differences, agricultural enterprises in
eastern regions have signiϐicantly higher investments in
new technologies and new business formats compared
to central and western regions, with an annual average
technology investment intensity of 3.2%, while central
and western regions only reach 1.8%.

The research further reveals the main challenges
and optimization paths that traditional agricultural en‑
terprises face in capital resource allocation. First, ϐi‑
nancing constraints remain a key factor restricting en‑
terprise development, particularly for small agricul‑
tural enterprises with an average asset‑liability ratio
as high as 68.4%, generally high ϐinancing costs, and
an average annual ϐinancing rate of 7.8%, which is 2.3
percentage points higher than that of large enterprises.
Second, the scientiϐic nature of investment decisions
needs improvement, with a lack of systematic invest‑
ment evaluation systems and risk control mechanisms,
as approximately 42% of enterprises rely mainly on
experiential judgment in major investment decisions.
Third, the dynamic adjustment capability of capital allo‑
cation is insufϐicient, with slow asset structure adjust‑
ments when facing market changes, and an average as‑
set turnover ratio of only 1.2 times, far below other
industry levels, as shown in Figure 3 below. Those
enterprises that actively explore diversiϐied ϐinancing
channels, optimize investment structures, and estab‑
lish modern ϐinancial management systems perform
better in capital allocation efϐiciency [40]. For exam‑
ple, some enterprises have effectively reduced ϐinanc‑
ing costs by cooperating with ϐinancial institutions to
develop agricultural supply chain ϐinancial products;
some enterprises have not only solved funding prob‑
lems but also gained management experience and mar‑
ket resources by introducing strategic investors. These
successful practices provide important insights for tra‑
ditional agricultural enterprises to optimize capital re‑
source allocation and improve ϐinancial management
levels, indicating that through measures such as inno‑
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vating ϐinancing models, improving investment deci‑
sion mechanisms, and strengthening ϐinancial risk con‑

trol, enterprises can signiϐicantly enhance capital allo‑
cation efϐiciency and market competitiveness.

Table 3. Statistics of Capital Resource Allocation Structure in Traditional Agricultural Enterprises.

Enterprise Scale
Classiϐication

Total Assets
(100 Million

Yuan)

Equipment
Investment
Ratio (%)

Land
Investment
Ratio (%)

Technology
R&D Ratio

(%)

Marketing
Promotion
Ratio (%)

Asset‑
Liability
Ratio (%)

Large Enterprises 4.68 42.3 25.6 12.6 13.8 58.3
Medium Enterprises 1.85 45.7 30.2 8.9 9.7 62.7
Small Enterprises 0.76 47.6 31.8 4.1 6.2 68.4
Overall Average 2.43 45.2 28.7 8.3 10.1 63.1

Figure 3. Capital Resource Allocation Structure by Enterprise Categories.

4.2. Organizational Innovation Practices in
Modern Agricultural Enterprises

Based on dynamic capabilities theory, we hy‑
pothesize that technology‑driven organizational trans‑
formation positively inϐluences enterprise adaptability
and performance in dynamic environments by recon‑
structing sensing, seizing, and reconϐiguring capabilities.
Drawing from organizational learning theory, we fur‑
ther hypothesize that digital technology application pos‑
itively affects organizational efϐiciency and innovation
capacity by transforming information processing meth‑
ods and decision‑making mechanisms.

4.2.1. Technology‑Driven Organizational
Transformation Models

Through an in‑depth investigation of technology ap‑
plication and organizational transformation in 12 mod‑
ern agricultural enterprises, this study found that techno‑
logical innovation has become the core driving force for
promoting organizational transformation in agricultural
enterprises. Survey data show that the average annual
investment in digital technology by sample enterprises
accounts for 4.7% of operating revenue, with smart agri‑
culture technology application rates reaching 78.3%, in‑
cludingmodern technological equipment such as IoT sen‑
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sors, drone monitoring, and precision fertilization sys‑
tems. From the perspective of organizational structure
adjustment, 83.3% of enterprises have undergone vary‑
ing degrees of organizational restructuring in the past
three years, with 66.7% of enterprises adding technology
departments or digital transformation teams [41]. Particu‑
larly noteworthy is that modern agricultural enterprises
have signiϐicantly increased investment in data analysis

and decision support, with an average of 3.2 dedicated
data analysts per enterprise and the establishment of big
data‑based productionmanagement decision systems, as
shown in Table 4 below. These technological invest‑
ments have directly driven profound changes in enter‑
prise management models, transitioning from traditional
experience‑dominated approaches to data‑driven scien‑
tiϐic decision‑making models.

Table 4. Statistics of Technology‑Driven Organizational Transformation in Modern Agricultural Enterprises.

Technology Application Category Application
Rate (%)

Annual Average
Investment

(10,000 yuan)

Degree of
Organizational

Change

Efϐiciency
Improvement
Rate (%)

Personnel Structure
Adjustment Rate (%)

Precision Agriculture Technology 91.7 156.8 High‑level Change 42.3 28.6
Intelligent Irrigation Systems 75.0 89.2 Moderate Change 31.7 18.9
Automated Production Lines 58.3 234.5 High‑level Change 38.9 35.4

Blockchain Traceability 41.7 67.3 Mild Change 15.2 8.7
Artiϐicial Intelligence Decision 33.3 178.9 High‑level Change 48.6 41.2

Average 60.0 145.3 ‑ 35.3 26.6

From the analysis of speciϐic technology applica‑
tions, precision agriculture technology has the highest
penetration rate among sample enterprises at 91.7%,
mainly including GPS positioning systems, variable fer‑
tilization technology, and crop growth monitoring; in‑
telligent irrigation systems have an application rate of
75%, effectively improving water resource utilization
efϐiciency; automated production lines have an appli‑
cation rate of 58.3%, mainly concentrated in agricul‑
tural product processing; blockchain traceability tech‑
nology has an application rate of 41.7%, used to estab‑
lish product quality tracing systems; and artiϐicial in‑
telligence decision systems have an application rate of
33.3%, mainly used for market forecasting and produc‑
tion optimization. The widespread application of these
technologies has prompted enterprise organizational
structures to develop toward ϐlattening and network‑
ing, with average management levels reducing from 4.2
layers in traditional enterprises to 3.1 layers, improv‑
ing decision‑making efϐiciency by approximately 35%.
Meanwhile, cross‑departmental collaboration mecha‑
nisms have been signiϐicantly improved, with 75% of en‑
terprises establishingproject‑basedmanagement teams,
greatly enhancing information sharing and collaborative
capabilities between departments.

The research found that technology‑driven organi‑
zational transformation exhibits distinct phased charac‑

teristics and differentiated models. In the initial stage
of transformation, enterprises mainly focus on the in‑
troduction and basic application of technological equip‑
ment, with relatively limited organizational structure
adjustments; as technology application deepens, enter‑
prises begin to reconstruct business processes, estab‑
lish cross‑functional teams, and promote management
ϐlattening; in the mature stage of transformation, enter‑
prises form data‑driven decision‑making mechanisms
and establish agile‑response organizational structures.
From the perspective of transformation effects, enter‑
prises applying artiϐicial intelligence decision systems
perform most prominently in efϐiciency improvement,
with an average efϐiciency improvement rate of 48.6%,
but they also face the greatest personnel structure ad‑
justment pressure, with an adjustment rate of 41.2%,
as shown in Figure 4 below. In contrast, although
precision agriculture technology has the widest appli‑
cation, its organizational transformation is relatively
moderate, more reϐlected in the optimization of op‑
erational processes rather than structural reorganiza‑
tion [42]. Particularly noteworthy is that enterprises that
have successfully implemented technology‑driven orga‑
nizational transformation generally establish continu‑
ous learning and innovation cultures, with annual em‑
ployee skill training investment 67% higher than tradi‑
tional enterprises, signiϐicantly improving new technol‑
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ogy acceptance and application capabilities. These en‑
terprises also actively build open innovation networks,
establishing strategic cooperation relationships with re‑
search institutes and technology companies, forming in‑
tegrated industry‑academia‑research innovation ecosys‑
tems. Research indicates that technology‑driven organi‑

zational transformation not only improves the produc‑
tion efϐiciency and management level of agricultural en‑
terprises, but more importantly, enhances enterprises’
adaptability and innovation capabilities in dynamicmar‑
ket environments, providing important practical models
for agricultural modernization development.

Figure 4. Technology Application and Organizational Change in Modern Agricultural Enterprises.

4.2.2. Organizational Innovation in theCon‑
text of Industrial Integration

Through an in‑depth investigation of 10 industrial
integration‑oriented modern agricultural enterprises,
this study found that industrial integration has become
an important pathway for promoting organizational in‑
novation in agricultural enterprises. Survey data show
that 90%of sample enterpriseshave achieved integrated
development of primary, secondary, and tertiary indus‑
tries, with agri‑tourism integrated enterprises account‑
ing for 60%, agricultural product deep processing inte‑
gration enterprises accounting for 40%, and agriculture‑
e‑commerce platform integration enterprises account‑
ing for 30%. From the perspective of revenue structure,
integrated business revenue accounts for an average of

42.6% of total revenue, with agricultural tourism rev‑
enue accounting for 23.8%, agricultural product process‑
ing revenue accounting for 31.4%, e‑commerce sales rev‑
enueaccounting for18.7%, andother emergingbusiness
format revenue accounting for 26.1%, as shown in Ta‑
ble 5 below. Particularly noteworthy is that these en‑
terprises perform prominently in learning from interna‑
tional hotel management experience, with 70% of agri‑
tourism integrated enterprises introducing standard‑
ized service processes and establishing customer rela‑
tionshipmanagement systems similar to the hotel indus‑
try, achieving an average customer satisfaction rating of
4.3 points (on a 5‑point scale), signiϐicantly higher than
the 3.1 points of traditional agricultural enterprises [43].
In terms of organizational structure, industrial integra‑
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tion enterprises generally establish divisional or matrix
management structures, with an average of 3.2 special‑
ized business divisions, where each division maintains

relatively independent operations while achieving syn‑
ergistic development in resource allocation and brand
building.

Table 5. Statistics of Agricultural Enterprise Organizational Innovation in the Context of Industrial Integration.

Integration Model Category
Enterprise
Proportion

(%)

Average Revenue
Contribution

(%)

Organizational
Hierarchy
Levels

Cross‑
Departmental

Teams

Customer
Satisfaction
(Points)

Agricultural Sightseeing Park 70.0 35.2 3.8 4.2 4.5
Deep Processing 50.0 41.7 4.1 3.1 4.1

Theme Guesthouse 40.0 28.9 3.2 2.8 4.6
E‑commerce Platform 30.0 22.4 2.9 2.3 4.0
Technology Exhibition 20.0 15.8 3.5 1.9 3.8

Overall Average 42.0 28.8 3.5 2.9 4.2

From the analysis of speciϐic integration models,
the agricultural sightseeing park model is the most com‑
mon integration format, accounting for 70% of sam‑
ple enterprises. These enterprises create diversiϐied
revenue sources by integrating agricultural production,
leisure entertainment, and educational experience func‑
tions. The agricultural product deep processing model
accounts for 50%, mainly achieving integrated develop‑
ment throughextending industrial chains andenhancing
added value. The agricultural theme guesthouse model
accounts for 40%, with these enterprises directly learn‑
ing from advanced international hotel management ex‑
perience and performing prominently in service stan‑
dardization and branded operations. The agricultural e‑
commerce platformmodel accounts for 30%, expanding
sales channels through online‑ofϐline integration. The
agricultural technology exhibition model accounts for
20%, mainly focusing on science education and tech‑
nology promotion. In terms of organizational innova‑
tion, these integrated enterprises have established an
average of 2.8 cross‑departmental coordination mecha‑
nisms, including product development committees, cus‑
tomer service centers, and brand management depart‑
ments, effectively promoting synergistic development
between different business formats. Meanwhile, human
resource allocation exhibits distinct diversiϐication char‑
acteristics. In addition to traditional agricultural techni‑
cal personnel, they are also equipped with professional
talents in tourism services, marketing, brand manage‑
ment, and other ϐields, with an average of 15.6 cross‑
ϐield professional talents per enterprise.

The research further reveals the deep mechanisms
and success factors of organizational innovation in the
context of industrial integration. First, integrated enter‑
prises generally establish diversiϐied governance struc‑
tures, with an average of 45.6% of board members com‑
ing from different industry backgrounds, effectively pro‑
moting the integration of cross‑industry knowledge and
resources. In operational management, these enter‑
prises widely learn from advanced concepts of inter‑
national hotel management, establishing standardized
service systems, with 78% of agri‑tourism integrated
enterprises developing detailed service standard man‑
uals, 60% of enterprises establishing customer com‑
plaint handling mechanisms, and 50% of enterprises
implementing employee service skill certiϐication sys‑
tems. Inbrandbuilding, integrated enterprisespaymore
attention to creating uniϐied brand images, with aver‑
age brand promotion investment accounting for 6.8%
of operating revenue, 4.2 percentage points higher than
traditional agricultural enterprises. In terms of inno‑
vation capability, industrial integration signiϐicantly en‑
hances enterprise innovation vitality, with sample enter‑
prises launching an average of 3.7 new products or ser‑
vices annually. Among them, agricultural theme guest‑
house enterprises perform most prominently in service
innovation, with an average customer satisfaction rat‑
ing of 4.6 points, mainly beneϐiting from their deep
learning and localized application of international ho‑
tel management experience [44]. Successful industrial
integration enterprises all establish effective internal
coordination mechanisms, ensuring organic connection
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and synergistic development betweendifferent business
formats through regular cross‑departmental meetings,
project‑based management, and performance‑linked as‑
sessments, as shown in Figure 5. These organizational

innovation practices not only improve enterprises’ oper‑
ational efϐiciency andmarket competitiveness, but more
importantly, explore new development models for agri‑
cultural industry transformation and upgrading.

Figure 5. Industry Integration Models and Organizational Performance.

4.2.3. Organizational Innovation in Cooper‑
atives and Enterprise‑Oriented Oper‑
ations

Through an in‑depth investigation of 14 farmer
professional cooperatives and enterprise‑oriented or‑
ganizations, this study found that cooperative orga‑
nizational forms are undergoing profound enterprise‑
oriented transformation and management innovation.
Survey data show that the average membership of sam‑
ple cooperatives is 186 people, with standardized coop‑
eratives accounting for 64.3%, federated cooperatives
accounting for 28.6%, and shareholding cooperatives
accounting for 7.1%. From the perspective of opera‑
tional scale, cooperatives have an average annual op‑
erating revenue of 18.47 million yuan, representing a
73.2% increase from three years ago, with coopera‑
tives that have undergone enterprise‑oriented manage‑

ment reforms showing an increase of 94.6%, signiϐi‑
cantly higher than cooperatives with traditional man‑
agement models [45]. Particularly noteworthy is that in
terms of learning from international hotel chainmanage‑
ment models, 42.9% of cooperatives have established
standardized service systems and brand management
systems, effectively enhancing market competitiveness
and customer recognition through uniϐied brand images,
standardized product quality, and standardized service
processes. In terms of governance structure, 85.7% of
cooperatives have established modern governance ar‑
chitectures with separate boards of directors and super‑
visory boards, with an average of 7.3 board members,
of which external professionals account for 31.2%. This
diversiϐied governance structure provides strong sup‑
port for the professional development of cooperatives,
as shown in Table 6 below.
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From the speciϐic practices of organizational
management innovation, modern cooperatives have
achieved breakthrough progress in multiple aspects. In
human resource management, 71.4% of cooperatives
have established professional manager systems, hiring
professional management personnel for daily opera‑
tions, with an average of 68.4% of management person‑
nel holding college degrees or above; in ϐinancial man‑
agement, 92.9% of cooperatives have established stan‑
dardized ϐinancial systems, with 57.1% of cooperatives
using professional ϐinancial management software for
accounting; in marketing, 64.3% of cooperatives have
established independent brands, 50% of cooperatives
conduct e‑commerce business, with average annual on‑
line sales accounting for 23.7% of total sales. In terms of
industrial chain extension, 78.6% of cooperatives have
transformed from single production services to inte‑
grated production‑processing‑sales, with an average of
3.2 industrial chain segments per cooperative. Particu‑
larly in learning from international hotel chain manage‑
ment experience, some advanced cooperatives have es‑
tablished standardized management systems similar to
hotel chains, including uniϐied CI identiϐication systems,
standardized operational processes, and standardized
service standards. This management model not only en‑
hances the brand value of cooperatives but also strength‑
ens members’ sense of belonging and identity.

The research found that organizational innovation
in enterprise‑oriented cooperative operations exhibits
distinct stepped development characteristics and differ‑
entiated models. Shareholding cooperatives perform
most prominently in organizational innovation, not only
achieving high levels in professional management per‑
sonnel ratios and brand management, but also reach‑
ing 4.7 points in member satisfaction, mainly bene‑

ϐiting from their more ϐlexible equity structures and
market‑oriented operational mechanisms, as shown in
Figure 6 below. Federated cooperatives achieve opti‑
mal resource integration and economies of scale through
cross‑regional and cross‑industry cooperation, with av‑
erage annual operating revenue reaching 26.83 million
yuan and professional management personnel ratios of
78.3%, signiϐicantly higher than general standardized co‑
operatives. In terms of innovation practices, advanced
cooperatives generally establish diversiϐied service sys‑
tems, including uniϐied procurement of production ma‑
terials, technical training and guidance, uniϐied product
sales, and uniϐied brandmanagement, forming complete
industrial service chains. Particularly in digital trans‑
formation, 64.3% of cooperatives have established in‑
formation management systems, and 35.7% of cooper‑
atives have implemented smart agriculture applications,
improving production efϐiciency andmanagement levels
through IoT technology and big data analysis. In terms
of an international perspective, some leading coopera‑
tives actively learn from advanced cooperative manage‑
ment experiences abroad, drawing on standardization
concepts from international hotel chain management to
establish uniϐied quality standard systems and service
speciϐications, achieving transformation from loose or‑
ganizations to tight enterprise‑oriented organizations.
These organizational innovations not only improve coop‑
eratives’ operational efϐiciency and market competitive‑
ness, but more importantly, provide more professional
and standardized production and business services for
farmers, effectively promoting the organic connection
between small farmers and modern agriculture, explor‑
ing important organizational models and implementa‑
tion pathways for agricultural modernization develop‑
ment.

Table 6. Statistics of Organizational Innovation in Cooperatives and Enterprise‑oriented Organizations.

Organizational Type Sample
Size

Average
Membership
(Persons)

Annual
Operating
Revenue

(10,000 yuan)

Professional
Management
Personnel
Ratio (%)

Brand
Management
Rate (%)

Member
Satisfaction
(Points)

Standardized Cooperatives 9 168 1542 45.7 55.6 4.2
Federated Cooperatives 4 234 2683 78.3 75.0 4.5

Shareholding Cooperatives 1 312 4167 89.2 100.0 4.7
Overall Average 14 186 1847 62.4 64.3 4.3
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Figure 6. Organizational Innovation Performance in Different Cooperative Types.

4.3. Resource Allocation and Innovation
Cases in Agri‑Tourism Integration En‑
terprises

Based on resource allocation theory, we hypothe‑
size that multifunctional land utilization positively inϐlu‑
ences enterprise economic beneϐits by enhancing output
per unit area and creating diversiϐied revenue streams.
Drawing from experience economy theory, we further
hypothesize that agricultural experience product design
positively affects enterprise competitive advantage by
creating unique value and enhancing customer sticki‑
ness.
4.3.1. Resource Integration Strategies of

Agricultural Sightseeing Parks
Through an in‑depth investigation of 8 agricultural

sightseeing parks, this study found that agri‑tourism
integration enterprises demonstrate signiϐicant innova‑
tive characteristics and optimization effects in resource
integration. Survey data show that the average land area
of sample sightseeing parks is 547 mu, with an average
annual visitor volume of 87,000 person‑times and com‑
prehensive annual operating revenue averaging 12.54
million yuan, of which agricultural production revenue
accounts for 35.2%, tourism and sightseeing revenue

accounts for 42.8%, and catering and accommodation
revenue accounts for 22%. From the perspective of re‑
source allocation structure, multifunctional land use is
the core characteristic of agricultural sightseeing parks,
with production areas accounting for 52.3% of the total
area, sightseeing experience areas accounting for 28.7%,
service reception areas accounting for 12.4%, and infras‑
tructure areas accounting for 6.6%. Particularly note‑
worthy is that in terms of seasonal resource allocation,
drawing from international hotel management experi‑
ence, 87.5% of sightseeing parks have established ϐlexi‑
ble human resource allocationmechanisms, with tempo‑
rary employment during peak seasons averaging 45.6%.
Through cooperation with local tourism colleges to es‑
tablish internship bases and signing personnel supply
agreements with hotel management companies, they ef‑
fectively address seasonal employment needs. In terms
of infrastructure investment, sightseeing parks have an
average annual infrastructure construction investment
accounting for 31.7% of total investment, with road and
transportation facilities having the highest proportion at
38.9%, followed by visitor reception facilities at 27.3%,
agricultural production facilities at 21.6%, and environ‑
mental beautiϐication facilities at 12.2%, as shown in Ta‑
ble 7.
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Table 7. Statistics of Resource Integration and Allocation in Agricultural Sightseeing Parks.

Resource Allocation Category
Average
Allocation
Ratio (%)

Annual Average
Investment

(10,000 yuan)

Revenue
Contribution
Rate (%)

Customer
Satisfaction
(Points)

Resource
Utilization
Efϐiciency

Agricultural Production Area 52.3 187.6 35.2 4.1 0.67
Sightseeing Experience Area 28.7 234.8 42.8 4.5 1.49

Catering and Accommodation Area 12.4 156.3 22.0 4.3 1.77
Infrastructure Area 6.6 89.7 0.0 3.8 0.00
Overall Average 100.0 167.1 100.0 4.2 0.98

From the analysis of speciϐic resource integration
models, agricultural sightseeing parks exhibit distinct
differentiation strategies and innovative practices. In
terms of multifunctional land use, 100% of sightseeing
parks achieve organic integration of agricultural pro‑
duction and tourism sightseeing, with fruit and veg‑
etable picking areas being the most popular functional
zones. Each sightseeing park sets up an average of
3.6 picking areas, with annual picking revenue account‑
ing for 34.7% of tourism revenue. Agricultural experi‑
ence areas are established in 75% of parks, mainly in‑
cluding traditional agricultural tool experiences, agricul‑
tural science education, and handicraft activities. Eco‑
logical restaurants are established in 62.5% of parks,
enhancing the specialization level of catering services
through local sourcing and direct agricultural product
supply. In terms of human resource allocation, sightsee‑
ing parks employ an average of 35.7 full‑time employ‑
ees, with agricultural technical personnel accounting for
28.4%, tourism service personnel accounting for 45.2%,
and management personnel accounting for 26.4% [46].
Drawing from international hotel management training
concepts, 75% of sightseeing parks have established
employee service skill training systems, with annual
per capita training hours reaching 48 hours, signiϐi‑
cantly higher than the 18 hours of traditional agricul‑
tural enterprises. In terms of marketing resource allo‑
cation, sightseeing parks have an average annual mar‑
keting and promotion investment accounting for 8.3%
of operating revenue, with online promotion account‑
ing for 56.7% and ofϐline promotion accounting for
43.3%. Through establishing multi‑channel marketing
networks, includingWeChat ofϐicial accounts, TikTok ac‑
counts, and cooperative travel agencies, they effectively
enhance brand awareness and customer reach.

The research further reveals the deep mechanisms

and success factors of resource integration strategies
in agricultural sightseeing parks. In terms of three‑
dimensional land use, successful sightseeing parks gen‑
erally achieve a resource allocation model of “multi‑use
of one land, scenery in four seasons,”maximizing the eco‑
nomic and ecological beneϐits of land through reason‑
able crop combinations and landscape design. Second,
in learning from international hotelmanagement experi‑
ence, advanced sightseeing parks have established stan‑
dardized service systems similar to the hotel industry,
including uniϐied reception processes, standardized ser‑
vice standards, and comprehensive customer feedback
mechanisms, with 62.5% of sightseeing parks establish‑
ing customer relationshipmanagement systems and reg‑
ularly conducting customer follow‑ups and satisfaction
surveys. In terms of seasonal resource allocation, sight‑
seeing parks innovatively adopt a strategy of “intensive
internal training during off‑season, full service during
peak season,” with off‑season activities mainly focusing
on infrastructure maintenance, employee training, and
product development, while peak season involves ϐlexi‑
ble human resource allocation through cooperationwith
surrounding hotels and travel agencies [47]. In terms of
revenue structure optimization, although sightseeing ex‑
perience areas account for only 28.7% of the land area,
their revenue contribution rate reaches 42.8% with the
highest resource utilization efϐiciency, mainly beneϐiting
from high‑value‑added experience projects and service
content, as shown in Figure 7. Successful agricultural
sightseeing parks all establish comprehensive industrial
chain extension mechanisms, achieving transformation
and upgrading from single agricultural production to
comprehensive leisure agriculture through agricultural
product deep processing, specialty catering, and cultural
and creative product development. This resource inte‑
gration strategy not only improves land utilization ef‑
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ϐiciency and economic beneϐits but, more importantly,
provides replicable and scalable practical models for

the integrated development of rural primary, secondary,
and tertiary industries.

Figure 7. Resource Allocation and Performance in Agricultural Sightseeing Parks.

4.3.2. Service Innovation in Leisure Agri‑
cultural Enterprises

Through an in‑depth investigation of service inno‑
vation practices in 11 leisure agricultural enterprises,
this study found that these enterprises have formed
service innovation models with agricultural character‑
istics based on learning from international hotel cus‑
tomer service concepts. Survey data show that the av‑
erage annual visitor volume of sample enterprises is
64,000 person‑times, with an average customer repeat
consumption rate of 34.7%, customer recommendation
rate of 67.3%, and overall service satisfaction of 4.4
points (on a 5‑point scale), signiϐicantly higher than the
3.6 points of traditional agricultural tourism enterprises.
From the perspective of service innovation investment,
leisure agricultural enterprises have an average annual
service innovation investment accounting for 12.8% of
operating revenue, with employee service training in‑
vestment accounting for 31.5%, service facility improve‑

ment investment accounting for 28.9%, service process
optimization investment accounting for 23.7%, and cus‑
tomer relationship management system investment ac‑
counting for 15.9%, as shown in Table 8. In terms
of agricultural experience product design, 90.9% of en‑
terprises have developed interactive agricultural experi‑
ence projects, including crop planting experiences, tra‑
ditional agricultural tool usage, and agricultural product
production, with an average of 7.2 experience projects
per enterprise, of which seasonal specialty experience
projects account for 58.3% [48]. In terms of service stan‑
dardization construction, 72.7% of enterprises have es‑
tablished detailed service standard manuals, 63.6% of
enterprises have implemented service quality monitor‑
ing systems, and 54.5% of enterprises have established
customer complaint handling mechanisms. These stan‑
dardizedmanagementmeasures directly draw from suc‑
cessful experiences in international hotel management.

From the analysis of speciϐic service innovation
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content, leisure agricultural enterprises have achieved
breakthrough progress inmultiple dimensions. In terms
of optimizing the complete service chain from agricul‑
tural products to dining tables, 100%of enterprises have
achieved complete experience chains of on‑site picking,
immediate processing, and instant tasting of agricultural
products, with 81.8% of enterprises establishing on‑
site processing demonstration areas, 72.7% providing
DIY production services, and 63.6% establishing agri‑
cultural product traceability systems. In terms of per‑
sonalized service customization, 54.5% of enterprises
have designed differentiated service packages for dif‑
ferent customer groups (family tours, group tours, ed‑
ucational tours, etc.), and 36.4% of enterprises provide
private customization services, including exclusive veg‑
etable gardens, personalized picking, and customized
catering. In terms of digital service innovation, 63.6%
of enterprises have developedWeChatmini‑programsor
APPs, providing functions such as online reservations,
tour guide services, and interactive games; 45.5% of en‑
terprises have introduced VR/AR technology to provide
immersive agricultural science education experiences
for visitors; and 36.4% of enterprises have established
intelligent tour guide systems, enhancing visitor expe‑
riences through QR code scanning and voice explana‑
tions [49]. In terms of employee service capability build‑
ing, enterprises generally emphasize professional skill
training for service personnel, with annual per capita
training hours reaching 72 hours, of which agricultural
knowledge training accounts for 35%, service skill train‑
ing accounts for 45%, and communication skill training
accounts for 20%.

Service innovation in leisure agricultural enter‑
prises exhibits distinct systematic characteristics and
continuous improvement trends. In terms of agricul‑
tural experience products, enterprises generally empha‑

size the combination of seasonality and interactivity,
launching sowing experiences in spring, ϐield manage‑
ment experiences in summer, harvest festival activities
in autumn, and agricultural product processing experi‑
ences in winter, forming a service pattern of “activities
in four seasons, themes every month.” In terms of cater‑
ing service innovation, 81.8% of enterprises have es‑
tablished complete “farm‑to‑table” service chains, trans‑
forming simple dining into comprehensive cultural expe‑
riences through displaying ingredient sources, live cook‑
ing demonstrations, and nutritional knowledge explana‑
tions. The revenue contribution rate of catering services
reaches 31.8%, becoming the second largest revenue
source after agricultural experiences. In terms of cus‑
tomer relationship management, advanced leisure agri‑
cultural enterprises actively learn customer service con‑
cepts from international hotel management, establish‑
ing comprehensive customer proϐile management sys‑
tems that record customer preference information, con‑
sumption history, and special needs, laying the founda‑
tion for providing personalized services [50]. Particularly
noteworthy is that although digital services have an im‑
plementation rate of 63.6%, their innovationmaturity is
relatively low at 3.5 points, indicating that leisure agri‑
cultural enterprises still have signiϐicant room for im‑
provement in digital transformation, as shown in Figure
8. Successful service innovation practices demonstrate
that through systematic service design, standardized
service processes, personalized service content, and dig‑
ital service tools, leisure agricultural enterprises can ef‑
fectively improve customer experience quality, enhance
customer loyalty, and achieve transformation and up‑
grading from traditional agriculture to modern service
industries, providing important practicalmodels and de‑
velopment pathways for rural industrial integration de‑
velopment.

Table 8. Statistics of Service Innovation in Leisure Agricultural Enterprises.

Service Innovation Category
Implementation

Enterprise
Ratio (%)

Annual Average
Investment

(10,000 yuan)

Customer Satisfaction
Improvement (points)

Revenue
Contribution
Rate (%)

Innovation
Maturity

Agricultural Experience Products 90.9 78.4 0.6 28.5 4.2
Catering Service Innovation 81.8 65.7 0.5 31.8 4.0

Digital Services 63.6 89.2 0.4 15.7 3.5
Personalized Customization 54.5 45.9 0.7 18.9 3.8
Educational Science Services 72.7 52.3 0.3 5.1 3.7

Average 72.7 66.3 0.5 20.0 3.8
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Figure 8. Service Innovation Implementation and Performance in Leisure Agriculture.

5. Discussion

5.1. Theoretical Mechanism Analysis of
Agricultural Enterprise Resource Allo‑
cation Optimization

5.1.1. Theoretical Explanation Mechanism
of Scale Effects

The scale differences in resource allocation efϐi‑
ciency among agricultural enterprises fundamentally
reϐlect the heterogeneous distributionpatterns of VRIN
resources in the Resource‑Based View. The supe‑
rior performance of large agricultural enterprises in
resource allocation efϐiciency stems from the scale
threshold effects of their Valuable, Rare, Inimitable,
and Non‑substitutable resources. First, in the value
dimension, large enterprises can undertake high‑risk,
high‑return technological investments, transforming
advanced precision agriculture technologies into sub‑
stantial economic value, while small enterprises are
constrained by capital limitations and cannot over‑
come the minimum economic scale for technology ap‑
plication. Second, in the rarity dimension, profes‑
sional technical talents as scarce resources tend to
choose large enterprises that can provide career de‑

velopment platforms and stable compensation, creat‑
ing a Matthew effect of talent aggregation. Third, in
the inimitability dimension, the management systems,
brand reputation, and supply chain networks formed
by large enterprises through long‑term investment ex‑
hibit path‑dependent characteristics that small enter‑
prises cannot replicate in the short term. Finally, in the
non‑substitutability dimension, the scaled production
capacity and market bargaining power of large enter‑
prises constitute unique competitive advantages that
cannot be replaced through simple technologypurchas‑
ing or management imitation.

Institutional theory provides an important per‑
spective for understanding the impact of the external
environment on enterprise resource allocation. Formal
institutions (such as land property rights policies and
agricultural ϐinancial support policies) signiϐicantly in‑
ϐluence the resource acquisition capabilities of enter‑
prises of different scales by reducing transaction costs
and providing incentive structures. Large enterprises
more easily meet the risk control requirements of ϐi‑
nancial institutions andobtain low‑cost funding support,
while small enterprises often face ϐinancing constraints
due to information asymmetry and insufϐicient collat‑
eral. Informal institutions (such as social networks, trust
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relationships, and business practices) also play impor‑
tant roles, as large enterprises establish extensive in‑
stitutional connections through participation in indus‑
try associations and government consultations, enabling
themtobetter adapt to and inϐluence changes in the insti‑
tutional environment through their role as “institutional
entrepreneurs.”
5.1.2. Theoretical FoundationofTechnology‑

Organization Co‑Evolution
The successful practices of technology‑driven orga‑

nizational innovation inmodern agricultural enterprises
embody the systematic enhancement of the “sensing‑
seizing‑reconϐiguring” triple capabilities in dynamic ca‑
pabilities theory. Dynamic capabilities, as the en‑
terprise’s ability to integrate, build, and reconϐigure
internal and external resources in dynamic environ‑
ments, essentially address environmental uncertainty
through organizational learning and knowledge cre‑
ation. In terms of sensing capabilities, digital tech‑
nologies, particularly big data analytics and Internet
of Things technologies, signiϐicantly enhance agricul‑
tural enterprises’ sensitivity and accuracy in perceiv‑
ing market signals, climate changes, pest and disease
information, enabling enterprises to identify opportu‑
nities and threats in advance. Regarding seizing ca‑
pabilities, intelligent decision‑making systems and pre‑
cision agriculture technologies enable enterprises to
rapidly respond to market changes, optimize produc‑
tion plans and resource allocation, and transform per‑
ceived opportunities into concrete operational actions.
In terms of reconϐiguring capabilities, ϐlattened orga‑
nizational structures and cross‑functional team mecha‑
nisms enable enterprises to ϐlexibly adjust business pro‑
cesses and resource allocation, continuously adapting
to environmental changes. The co‑evolution of technol‑
ogy and organization follows a spiral upward logic of
“technology push‑organizational adaptation‑capability
enhancement‑performance improvement,” where tech‑
nological innovation not only changes production meth‑
ods butmore importantly reconstructs information ϐlow
patterns and decision‑making mechanisms, driving or‑
ganizational transformation from mechanistic to or‑
ganic forms, manifested in three levels: cognitive level
wheredata‑drivendecision‑making replaces experience‑

dominated traditional models, structural level where
ϐlattened network organizations replace hierarchical bu‑
reaucratic organizations, and cultural level where open
innovation learning cultures replace closed conservative
traditional cultures.

5.1.3. Value Creation Mechanisms of Indus‑
try Integration

The successful practices of agri‑tourism integra‑
tion enterprises reveal multiple value creation mecha‑
nisms, including scope economy effects that achieve cost
savings and efϐiciency improvements through shared
resources and capabilities, network effects that cre‑
ate synergistic value beyond single industries through
inter‑industry complementarity, and learning effects
that enhance organizational capabilities through cross‑
boundary knowledge transfer. The deep mechanism
of industry integration lies in redeϐining the bound‑
aries and logic of value chains, transforming from
product‑centered traditional agricultural value chains
pursuing cost minimization and output maximization to
experience‑centered integrated value chains pursuing
value maximization and differentiation, requiring enter‑
prises to shift from product thinking to service think‑
ing, from standardized production to personalized cus‑
tomization, and from single functions to multiple func‑
tions, with the successful transplantation of interna‑
tional hotel management experience proving the cross‑
boundary applicability of management practices in cre‑
ating value within the agricultural sector.

5.2. Operational Pathways and Mechanism
Elucidation of Organizational Innova‑
tion

5.2.1. Organizational Mechanisms of Re‑
source Reallocation

Organizational innovation achieves resource allo‑
cation efϐiciency improvement through three key mech‑
anisms: structural restructuring, process optimization,
and capability building mechanisms, where structural
restructuring realizes decision‑making decentralization
and response speed enhancement by changing organiza‑
tional architecture and authority relationships, process
optimization eliminates redundant links and waiting
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time through standardization and digitalization, and ca‑
pability building enhances professional skills and collab‑
orative abilities through talent development and knowl‑
edge management.
5.2.2. Pathway Mechanisms of Dynamic Ca‑

pability Construction
Organizational innovation’s construction of dy‑

namic capabilities follows the spiral evolutionary logic
of “exploration‑exploitation‑reconϐiguration,” where en‑
terprises identify new resource allocation possibilities
through establishing open innovation networks and im‑
plementing pilot projects in the exploration stage, in‑
stitutionalize successful resource allocation patterns
into organizational routines in the exploitation stage,
and continuously optimize resource allocation systems
through reϐlective learning and capability updates in
the reconϐiguration stage, with construction mecha‑
nisms manifested at individual cognitive upgrading,
team collaboration optimization, and organizational in‑
stitutional improvement levels.
5.2.3. Diffusion Mechanisms of Institu‑

tional Innovation
The successful practices of cooperative enterprise

management demonstrate institutional innovation diffu‑
sion mechanisms following the “pioneer demonstration‑
imitative learning‑institutionalized promotion” path‑
way, where advanced cooperatives create observable
and replicable successmodels through introducingmod‑
ern enterprise systems, with diffusion mechanisms pro‑
moting experience transmission through formal chan‑
nels like policy support and informal channels like
peer exchange, ultimately addressing collective action
dilemmas and incentive compatibility problems through
equity‑based property arrangements, specialized man‑
agement systems, and market‑oriented incentive mech‑
anisms.
5.2.4. Knowledge Transfer Mechanisms of

Cross‑Boundary Learning
Agricultural enterprises’ successful practices in

borrowing international hotel management experience
reveal cross‑boundary learning knowledge transfer
mechanisms dependent on knowledge characteristics,
organizational capabilities, and transfer mechanisms,

where the success stems from the codiϐiability of ex‑
plicit knowledge like service concepts and standard‑
ized processes, organizational learning willingness and
absorptive capacity, and both formal channels like
personnel exchange and informal channels like peer
communication, with the deep mechanism involving a
“deconstruction‑reconstruction‑innovation” knowledge
integration process that transforms external knowledge
into enterprise‑speciϐic organizational capabilities and
competitive advantages through creative learning and
adaptation rather than simple replication.

6. Conclusion and Outlook

6.1. Main Research Conclusions

Through systematic empirical analysis, this study
draws the following ϐive main research conclusions.

(1) Agricultural enterprises exhibit signiϐicant scale
differences and structural problems in resource
allocation efϐiciency, with large enterprises
demonstrating clear advantages in land, human
resources, and capital resource allocation. The
research found that the average land resource
allocation efϐiciency of traditional agricultural en‑
terprises is 0.672, with large enterprises achiev‑
ing an efϐiciency value of 0.782, while small enter‑
prises only reach 0.536. This gap mainly stems
fromdifferences in economies of scale, technolog‑
ical investment levels, and management capabil‑
ities. In terms of human resource allocation, the
low proportion of technical personnel (averag‑
ing 18.3%) and prominent aging issues in human
resources constrain enterprises’ innovation and
development capabilities. Capital resource alloca‑
tion exhibits characteristics of emphasizing hard‑
ware over software, with equipment investment
accounting for as high as 45.2%, while technol‑
ogy R&D investment only accounts for 8.3%, with
singular ϐinancing structures and relatively high
costs.

(2) Technology‑driven organizational innovation is
the core pathway for modern agricultural enter‑
prises to improve resource allocation efϐiciency.
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The investigation found that modern agricultural
enterprises have an average annual investment
in digital technology accounting for 4.7% of op‑
erating revenue, with smart agriculture technol‑
ogy application rates reaching78.3%. Through in‑
troducing modern tools such as precision agricul‑
ture technology and intelligent decision systems,
they have achieved a transformation from tradi‑
tional experience‑dominated approaches to data‑
driven approaches. Technological innovation has
driven ϐlattened organizational structure recon‑
struction, with averagemanagement levels reduc‑
ing from 4.2 to 3.1 layers and decision‑making ef‑
ϐiciency improving by 35%, providing organiza‑
tional foundations for rapid resource reallocation
and optimization adjustment.

(3) Industrial integration has opened new develop‑
ment spaces and implementation pathways for
agricultural enterprise resource optimization al‑
location. The integrated business revenue of agri‑
tourism integrated enterprises accounts for an av‑
erage of 42.6% of total revenue. Through deep in‑
tegration of primary, secondary, and tertiary in‑
dustries, they have achieved multifunctional uti‑
lization and value enhancement of land resources.
Agricultural sightseeing parks, through reason‑
able functional area division, achieve revenue
contribution rates of 42.8% in sightseeing expe‑
rience areas despite occupying only 28.7% of the
land area, reϐlecting the signiϐicant enhancement
effect of industrial integration on resource alloca‑
tion efϐiciency.

(4) International hotel management experience
holds signiϐicant value and applicability for agri‑
cultural enterprises, particularly in the agri‑
tourism integration ϐield. The research found that
70% of agri‑tourism integrated enterprises have
introduced standardized service processes. Agri‑
cultural enterprises that learn from hotel man‑
agement experience perform prominently in cus‑
tomer satisfaction, service quality, and seasonal
resource allocation, achieving customer satisfac‑
tion ratings above 4.3 points, signiϐicantly higher
than traditional agricultural enterprises. Agricul‑

tural theme hotels achieve perfect integration of
traditional agricultural culture and modern ho‑
tel management through the “international stan‑
dards+ local characteristics” service model.

(5) Enterprise‑oriented operations of cooperatives
represent an important direction for agricultural
organizational innovation, providing effective or‑
ganizational carriers for small farmers to partici‑
pate in modern agricultural development. Share‑
holding cooperatives perform optimally in pro‑
fessional management personnel ratios (89.2%),
brand management rates (100%), and mem‑
ber satisfaction (4.7 points). Through establish‑
ing modern enterprise systems and introducing
market‑oriented operational mechanisms, they
effectively improve collective resource allocation
efϐiciency and operational beneϐits, exploring im‑
portant organizational models for the advance‑
ment of agricultural modernization.

6.2. Future Outlook

Based on the ϐindings of this study and cur‑
rent agricultural development trends, future research
should further deepen and expand in the following ϐive
directions.

(1) Digitalization and intelligence will become the
main driving forces for agricultural enterprise re‑
source allocation optimization. With the rapid de‑
velopment and cost reduction of emerging tech‑
nologies such as 5G, Internet of Things, artiϐi‑
cial intelligence, and blockchain, future agricul‑
tural enterprises will more deeply integrate dig‑
ital technologies to construct smart agriculture
ecosystems. It is expected that by 2030, pre‑
cision agriculture technology application rates
will exceed 95%, and agricultural enterpriseswill
achieve full‑chain digital management from pro‑
duction, processing, and sales to services, op‑
timizing resource allocation decisions through
big data analysis and artiϐicial intelligence algo‑
rithms, signiϐicantly improving resource utiliza‑
tion efϐiciency and operational beneϐits. Mean‑
while, digital transformation will drive agri‑
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cultural enterprise organizational structures to
evolve toward networking and platformization,
forming more ϐlexible and efϐicient resource allo‑
cation mechanisms.

(2) Carbon neutrality goals will reshape agricultural
enterprises’ resource allocation strategies and
development models. Under the constraints of
the carbon peak and carbon neutrality, agricul‑
tural enterprises must accelerate transformation
toward green and low‑carbon development ap‑
proaches, which will bring profound changes to
resource allocation concepts and practices. Fu‑
ture agricultural enterprises will pay more atten‑
tion to the protection and sustainable utilization
of ecological resources, substantially increasing
investment proportions in clean energy, ecolog‑
ical restoration, and carbon sink development,
and constructing resource allocation optimiza‑
tion systems based on carbon footprint manage‑
ment. The improvement of green ϐinancial instru‑
ments and carbon trading mechanisms will pro‑
vide new ϐinancing channels and incentive mech‑
anisms for agricultural enterprises’ green trans‑
formation, promoting the formation of new re‑
source allocation patterns that emphasize both
economic and ecological beneϐits.

(3) Deep integration of agriculture and tourism will
generate more innovative organizational forms
and business models. With the in‑depth imple‑
mentation of rural revitalization strategies and
the continued development of consumption up‑
grade trends, the integration of agriculture with
tourism, culture, education, health, and wellness
industries will become closer, spawning more di‑
versiϐied new business formats and models. The
futurewill see the emergence ofmore specialized
agri‑tourism integration operating institutions,
establishing standardized industrial integration
service systems, and forming internationally com‑
petitive agri‑tourism integration brands. The ap‑
plicationof international hotelmanagement expe‑
rience in the agricultural ϐieldwill becomedeeper
and more extensive, driving the agricultural ser‑
vice industry toward high‑end and quality devel‑

opment.
(4) International development will provide broader

space and more diverse choices for agricultural
enterprise resource allocation. Against the back‑
ground of global agricultural value chain re‑
structuring, Chinese agricultural enterprises will
more actively participate in international coop‑
eration and competition, allocating global re‑
sources through foreign investment, technology
cooperation, and brand export. Future agricul‑
tural enterprises will establish more open re‑
source allocation systems, coordinating the use of
both domestic and international markets and re‑
sources, optimizing the allocation of talent, tech‑
nology, capital, and other factors within a larger
scope, enhancing global operational capabilities
and international competitiveness.

(5) Policy innovation and institutional improvement
will provide better environments and conditions
for agricultural enterprise resource optimization
allocation. Future governments will further
deepen rural reforms, improve rural land sys‑
tems, ϐinancial service systems, and technological
innovationmechanisms, creatingmore fair andef‑
ϐicient market environments for agricultural en‑
terprise resource allocation. Meanwhile, more
comprehensive agricultural enterprise classiϐica‑
tion guidance and precision support policy sys‑
tems will be established, providing differentiated
policy support for agricultural enterprises of dif‑
ferent scales and types, promoting agricultural
enterprises to achieve high‑quality and sustain‑
able development.
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